
Fine-grained and Dense Annotation
of Czech Propaganda Using Large
Language Models

Radoslav Sabol, Aleš Horák,
xsabol@fi.muni.cz, hales@fi.muni.cz

NLP Centre, Faculty of Informatics, Masaryk University

December 5, 2025



Outline

1. Motivation
1.1 Manipulative Techniques
1.2 Czech Propaganda Dataset

2. LLM Annotation Setup
2.1 Prompt Structure
2.2 Experiment Setup
2.3 Manual Validation of Annotations

3. Results
3.1 Overlaps with Human Annotations
3.2 Results on Manual Validation
3.3 Inter-Annotator Agreement

· · 2 / 27



Manipulative Techniques in Media

a collection of rhetorical devices built to influence opinions
based on either logical or emotional fallacies
detection is challenging due to the subtle nature of the devices

important due to the popularity of social media

Applications: propaganda detection, social media communication,
marketing, education, etc.
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Manipulative Techniques in Marketing
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Manipulative Techniques in Textual Data (EN)
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Manipulative Techniques in Textual Data (CS)

Labeling (nálepkování)
CS: pravé spektrum sněmovny označil za "demokratickou žumpu"
EN: he labeled the right side of the parliament as a "democratic
cesspit"

Fear-Mongering (strach)
CS: Je-li tomu tak, směřuje svět k nukleární válce.
EN: If so, the world is heading towards nuclear war.

Relativization (relativizace)
CS: Byla to odveta za porušení Ruskem Smlouvy o raketách
středního doletu
EN: It was done in retaliation for Russia’s violation of the
Intermediate-Range Nuclear Forces Treaty
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Propaganda Dataset

benchmark dataset of 8,644 newspaper articles
Sources: parlamentnilisty.cz, sputniknews.cz, svetkolemnas.cz,
ac24.cz
documents annotated with 19 different attributes on two levels

global - indicates whether the attribute is present in the
document
range - precise part of the document where the attribute is
located
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Document Annotations

Global attributes
Genre, Topic, Scope, Overall Sentiment, Location

Manipulative Techniques
Argumentation, Emotions, Fear-Mongering, Labeling, Fabulation,
Relativization, Demonization, Blaming, Source, Expert

Other Range-Based Attributes
Russia, Opinion
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Motivation

global annotations of the Propaganda dataset:
8,646 fully-annotated documents
well-defined, already used in research

range annotations:
only 3,091 documents have any ranges
ranges are loosely defined
no results on predictive capabilities of ML models
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Motivation

Dataset #documents #ranges range/doc ratio
PTC 536 8,981 16.76
CS Prop. 8,646 21,929 0.39
CS Prop. (filtered) 3,091 21,929 7.09

Table: Comparison of datasets with regards to the ratio of present ranges
and documents
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Example of Missing Ranges

· · 12 / 27



Experiment Setup - LLM Annotation

Used models: GPT OSS 120B, DeepSeek R1 671B
inference via chat.einfra.cz

Expected Output: input text enriched with XML tags
20 positive and 10 negative paragraphs selected for each
technique
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Prompt Template
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Technique Definition Example
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Output Example
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Manual Validation

independent review of annotations performed by two annotators
human, LLM, and overlapping segments are rated separately
possible categories: Unchecked, OK, Not OK, Too Long, Too Short,
Unknown
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Web Application Example
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Annotation Statistics

GPT OSS DeepSeek R1
Device O AI H O AI H
argumentation 26 10 7 16 11 12
demonization 35 5 5 33 12 5
emotions 21 11 12 23 13 10
fabulation 16 12 12 24 13 9
labelling 30 12 7 35 19 4
opinion 19 5 11 8 7 16
expert 32 5 5 34 5 4
relativization 16 14 15 21 9 10
fear-mongering 33 5 6 33 7 6
blaming 30 6 6 31 8 5
source 36 6 2 36 6 2
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Aggregation Criteria

1. if either of the segments is labeled as Not OK, the entire
annotation is Not OK

2. if all the segments of an annotation are labeled as Too short, the
entire annotation is Not OK

3. if any segment is Unknown, the annotation is omitted from the
evaluation

4. all other annotations are labeled as OK
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Aggregation Results
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Inter-Annotator Agreement

Technique DeepSeek R1 GPT OSS
Relativization 33.52 27.97
Labeling 40.98 51.38
Blaming 42.11 31.18
Source 42.86 32.04
Argumentation 22.70 24.75
Expert 51.49 40.95
Fear 62.37 57.91
Opinion 28.57 23.38
Demonization 31.45 23.76
Emotion 38.84 40.16
Fabulation 32.86 24.98
Mean 42.75 37.84
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DeepSeek R1: non-compliant output format
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Demonization: OK Examples of New Annotations
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Demonization: Extension of Existing Annotation
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Relativization - Perfect Overlap

· · 26 / 27



Conclusion and Future Work

automated annotation and manual validation of manipulative
techniques
promising preliminary results, but more tuning is required

Future Work:
more precise definitions of manipulative techniques
prompt tweaks, n-shot in-context examples
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