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Manipulative Techniques in Media

m a collection of rhetorical devices built to influence opinions
based on either logical or emotional fallacies
m detection is challenging due to the subtle nature of the devices
m important due to the popularity of social media
m Applications: propaganda detection, social media communication,
marketing, education, etc.
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Manipulative Techniques in Marketing
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Manipulative Techniques in Textual Data (EN)

16. Bandwagon

Attempting to persuade the target audience to join in and take the
course of action because "everyone else is taking the same action".

Example 1: Would you vote for Clinton as president? 57% say yes
Example 2: 90% of citizens support our initiative. You should.
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Manipulative Techniques in Textual Data (CS)

Labeling (nalepkovani)
m CS: pravé spektrum snémovny oznacil za "demokratickou Zumpu”

m EN: he labeled the right side of the parliament as a "democratic
cesspit”

Fear-Mongering (strach)
m CS: Je-li tomu tak, sméfuje svét k nuklearni valce.
m EN: If so, the world is heading towards nuclear war.
Relativization (relativizace)

m CS: Byla to odveta za poruseni Ruskem Smlouvy o raketach
stifedniho doletu

m EN: It was done in retaliation for Russia’s violation of the
Intermediate-Range Nuclear Forces Treaty
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Propaganda Dataset

m benchmark dataset of 8,644 newspaper articles

m Sources: parlamentnilisty.cz, sputniknews.cz, svetkolemnas.cz,
ac24.cz

m documents annotated with 19 different attributes on two levels

m global - indicates whether the attribute is present in the
document

B range - precise part of the document where the attribute is
located
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Document Annotations

Global attributes
m Genre, Topic, Scope, Overall Sentiment, Location
Manipulative Techniques

m Argumentation, Emotions, Fear-Mongering, Labeling, Fabulation,
Relativization, Demonization, Blaming, Source, Expert

Other Range-Based Attributes
m Russia, Opinion
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Motivation

m global annotations of the Propaganda dataset:

m 8,646 fully-annotated documents
m well-defined, already used in research

B range annotations:

m only 3,091 documents have any ranges
m ranges are loosely defined
m no results on predictive capabilities of ML models

10/27



Motivation

Dataset \ #documents \ #ranges \ range/doc ratio
PTC 536 8,981 16.76
CS Prop. 8,646 | 21,929 0.39
CS Prop. (filtered) 3,091 | 21,929 7.09

Table: Comparison of datasets with regards to the ratio of present ranges
and documents
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Example of Missing Ranges

diivéru a podporu obyvatel. Poimv demokracie a liberalismus se

X nalepkovani
staly nadavkami. K moci pfiSel obratny manipuldtor Vladimir Putin,
ktery vyuZil svych zkuSenosti a vazeb z KGB a mél mimoradné
stésti v tom, Ze po jeho nastupu raketové vzlétly ceny exportované
ropy a plynu. Cast zisku se mu podafilo uchranit pied rozkradenim

a lidem zédsadné stoupla Zivotni Uroven. Stal se tak zboZnovanym

idolem. JenZe odchovanec KGB uznava jen vertikalu moci, a tak po
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Experiment Setup - LLM Annotation

m Used models: GPT OSS 120B, DeepSeek R1 671B
m inference via chat.einfra.cz

m Expected Output: input text enriched with XML tags

m 20 positive and 10 negative paragraphs selected for each
technique
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Prompt Template

Jsi jazykovy model urCenj k automatické anotaci manipulaénich
technik v textu.

## Ukol
- Najdi v textu vSechny vyskyty definovanjch manipulacénich technik.
- DOznac je pfimo **XML znalkami**, bez dodateiného zdivodnéni.
- PouZij jen nasledujici XML znaclky:
{ANNOT_TAGS}
## Podrobné definice technik
{TECHNIQUE_DEFINITIONS}
## Vystup:
- PouZij jen XML znacky primo v textu. N
- Zachovej plivedni text a interpunkci,

jen vloZ znalky okole relevantnich pasdzi

{N-SHOT EXAMPLES}

## Vstupni text:
"{EXAMPLE}"

## VYSTUP:
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Technique Definition Example

<nalepk0vani>...(/nalepkuvani>

*+nalepkovani**
- Kratka, aderna slova nebo spojeni, shrnujici postoj k osobé&/skupiné.
- MiZe byt **negativni#* nebo **pozitivnix#*.
- Typicky prfidavna jména nebo jednoduché fraze, snadno zapamatovatelné.
- Priklady: ,,zradci naroda‘

,neznifitelnd jaderna hlavice'*
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Output Example

Input:
"fika v rozhovoru pro Parlamentnilisty.cz europoslanec Tomas
Zdechovsky, ktery se timto tématem nékolik let zabyva"
Output:
"<zdroj> ¥ika v rozhovoru pro Parlamentnilisty.cz </zdroj>
eurcposlanec Tomas Zdechovsky, ktery se timto tématem
nékolik let zabjva"
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Manual Validation

m independent review of annotations performed by two annotators
m human, LLM, and overlapping segments are rated separately

m possible categories: Unchecked, OK, Not OK, Too Long, Too Short,
Unknown
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Web Application Example

znechuceni

[2 OK @ >{ Not OK ? Unknown () [O] Unchecked ) & Too long e Too short
. Oslavovat se maji
néjaci

2 OK ) X Not OK ? Unknown O[] Unchecked () & Toolong @ = Too short
ozralci
® [Z2 OK O X Not OK ? Unknown O [O] Unchecked ©) & Too long s Too short
a

2 ok O X Not OK ? Unknown O [ Unchecked ) & Too long @ =e Too short
previékaci kabatu
@® [Z OK ()X NotOK () ? Unknown O [0 Unchecked ) & Toolong (> e Too short
, ktefi odevzdali po roce 1989 nasi viast zapadnim mocnostem a nadnarodnim koncerniim.

2 OK © X Not OK ? Unknown O [O] Unchecked ® & Too long == Too short
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Annotation Statistics

GPT 0SS DeepSeek R1
Device O Al H| O Al H
argumentation | 26 10 7 |16 11 12
demonization 35 5 5]33 12 5
emotions 21 11 12123 13 10
fabulation 16 12 12|24 13 9
labelling 30 12 7|35 19 4
opinion 19 5 11 8 7 16
expert 32 5 5|3 5 4
relativization 16 14 15|21 9 10
fear-mongering | 33 5 6|33 7 6
blaming 30 6 6|31 8 5
source 36 6 2|36 6 2
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Aggregation Criteria

1. if either of the segments is labeled as Not OK, the entire
annotation is Not OK

2. if all the segments of an annotation are labeled as Too short, the
entire annotation is Not OK

3. if any segment is Unknown, the annotation is omitted from the
evaluation

4. all other annotations are labeled as OK
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Aggregation Results

OK vs Not OK Counts by Device and Model

argumentation
demonization
emotions
fabulation

labelling

expert
relativization

fear-mongering

blaming

source

GPT 0SS: 37
73

GPT O5S: 38
DeepSeek R1: 27
Human: 35

GPT 05SS: 36

DeepSeek R1: 43
Human: 38

GPT 0SS: 36
DeepSeek R1: 31
Human: 33

DeepSeek R1: 16
Human: 37
GPT 0SS: 44

DeepSeek R1: 50
Human: 35

GPT 0SS: 30
opinion DeepSeek R1: 1

Human: 40

GPT 0SS: 32
DeepSeek R1: 21
Human: 36
GPT
DeepSeek R:
Humas
GPT 0SS: 40
Deepseek R1: 36
Human: 42
GPT 0S5: 39
DeepSeek R1: 28
Human: 36
Status
GPT 0SS: 39
DeepSeek R1: 38 B not OK
Human: 30
oK
0 10 20 30 40 50 60 70
Count
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Inter-Annotator Agreement

Technique DeepSeek R1 GPT 0SS
Relativization 33.52 27.97
Labeling 40.98 51.38
Blaming 4211 31.18
Source 42.86 32.04
Argumentation 22.70 24.75
Expert 51.49 40.95
Fear 62.37 5791
Opinion 28.57 23.38
Demonization 31.45 23.76
Emotion 38.84 40.16
Fabulation 32.86 24.98
Mean 42.75 37.84
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DeepSeek R1: non-compliant output format

<Slusné je tedy vyslovim ja. Jak bych probohasvatého mohl mit pocit, Ze mi patfi néco, co mi od rana do vecera lze,
az se mu od huby prasi
2 OK © X Not OK ? Unknown @ [I] Unchecked (& Too long =+ Too short
, co mi vtlouka do hlavy zakladni pouéku dneska, Ze Rusko je hrozba a USA jsou zastitou miru,
kdyz ze sta a tisice prikladu vim, Ze pravda je opacn

2 OK ©) X Not OK ? Unknown @ [] Unchecked & Too long s Too short
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Demonization: OK Examples of New Annotations

Kalouskovo bésnéni a krvi podlité o¢i

® [ OK O X NotOK ) ? Unknown ) [[] Unchecked () & Too long () #e Too short

onen clovék libujici si v alkoholu vic nez je zdravo

[Z OK @ »{ Not OK ? Unknown (. [] Unchecked & Too long s Too short

24 /27



Demonization: Extension of Existing Annotation

Kiska se pravé jmenoval

4 OK () 2 Not OK ? Unknown () [] Unchecked ® & Too long

tyranem

® [ OK O X NotOK © 9 Unknown C [J Unchecked O @ Too long

, samovladcem oddanym nejvétSimu manipulatorovi v déjinach lidstva.

@ [Z2 OK X Not OK ? Unknown  [] Unchecked & Too long

»+ Too short

»+ Too short

»» Too short
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Relativization - Perfect Overlap

1 kdyby se jich v celkovém souétu uéastnilo 50 tisic ob&ant, coz
0,5 % obyvatel nasi zemé.

&la ani velmi optimisticka ¢isla izatort a médii, pre lje to

® [Z OK ) % NotOK ) ? Unknown [0 Unchecked (& Toolong () &= Too short
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Conclusion and Future Work

m automated annotation and manual validation of manipulative
techniques

m promising preliminary results, but more tuning is required
Future Work:

m more precise definitions of manipulative techniques

m prompt tweaks, n-shot in-context examples
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