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Keywords and Topics Comm

Keyword /Keyphrases/Topics extraction

EXa mp | € (http://zpravy.ihned.cz/c1-59700380- smrtici-naloze-byly-v-bostonu-dve)

Smirtici naloze byly v Bostonu dve. Extracted keywords:

Pri atocich v Bostonu zemreli tri lidé, — FBI

dalSich 150 exploze zranily. Americky

prezident Barack Obama prohlisil, Ze = letisté

slo o teroristicky c¢in. Podle FBI sice

bezprostredni nebezpeci dalsich dtokd m bomba

nehrozi, na letistich je presto znat ner-

vozita — kvili ohlaseni podezielého ob- m Boston

jLektu bylf) evakuovano napriklad letisté = Obama
aGuardia.

V' pondéli odpoledne deset minut B niloz

pred 15. hodinou vybuchly v Bostonu
béhem maratonu podél trati dvé naloze.
Pivodné se miuvilo zhruba o stovce
zranénych.
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http://zpravy.ihned.cz/c1-59700380-smrtici-naloze-byly-v-bostonu-dve

Keywords and Topics Comm tio

Keyword/Keyphrases/Topics extraction

Roznové pod Radhostem Na Moravé dale prsi a désf ma trvat cely den. Kvali popadanym
stroml'lm na fadé mist nejezdi vlaky. Rczvcdnénz’a Olée v Ceském Tésiné v pz’atek rano v 8

hydrometeorologlckeho ustavu (CHMU) na Lublne v Petivaldu, na Ostravici v Ostravé a
Frydku-Mistku, na OISi ve Vé&fovicich a Jablunkové i na Becvé v Teplicich nad Be¢vou.
Nejhorsi je situace na OISi v Ceském Tésiné v Moravskoslezském kraji, kde b&éhem

Detected topics are:

polska ¢ast TéSina (44.55)

Horni Betva (44.45)

hladina OlSe (42.41)

Povodi Moravy (30.78)

prvni stupefi povodiiové aktivity (26.25)
odstrafnovani nasledku nehody (25.93)
24 hod (25.66)
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Keywords and Topics

Keyword /Keyphrases/Topics extraction

Words/phrases used to characterise the contents of a document.

Select words/phrases that appear with statistically unusual
frequency in a text

Applications

m Terminology extraction

m Text classification (topic, spam) ENq.ﬁgggigl SE/
m Search Engine Optimisation (SEO) ij':é S h;;%—;jf;ﬁ
m Text filtering (job advertising, RSS) LR e

m Text summarization
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Communication Pattern Analysis

Communication Pattern Analysis

Text characteristics

Word count:
Verb/Word ratio:
Verb/Adjective ratio:
Conditionals count:

Solution/Opinion ratio:
Word/Occasion ratio:
Word/Restriction ratio:
Word/Solution ratio:
Word/Opinion ratio:
Simple/Difficult ratio:
Aim:

Original/Indefinite ratio:
Keen/Sloppy ratio:
Vocabulary richness:

Occasion/Restriction ratio:

47.61
48.58
47.24
43.64
66.37
415

44.27
59.45
51.14
43.91
55.54
49.49
50.98
47.82
49.78
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reaguji na V&8 inzerat zverejnény na internetovych
strankach www.neziskovky.cz, ve kterém hledate
P isingu a PR. Po { Vami

g i prt 4m, 7e mohu byt
vhodnym kandidatem.

Mohu nabi své i i s praci s
médii. V oblasti PR mam mimo jiné zkuSenosti s psanim a
vydéavanim tiskovych zprav, s vystupovanim v rozhlase a
televizi, medidlnich dopadti a prezentaci. Taktéz
Jjsem vedl nékolik kampani pro neziskovou organizaci
Prételé zvifat. Poradal jsem nékolik prednések o lidskych
pravech a kulture v zemich Tibetu, Barmé a Arménii. Byl
jsem &lenem produkéniho tymu filmového festivalu Jeden
svét v Praze v roce 2004. V organizaci Pfétele zvifat jsem
se podilel na ziskavani finanénich prostredki z grantii a od
individuglnich ddrct. Do prosince 2005 jsem spravoval
datab ¢lentl a prispévatelil organizace v
komunikace s nimi. Z &innosti pro Piatele zvifat mém
&etné zkusenosti z jednani se statnf spravou, politiky a
zastupci firem.

PIné si
prostredkil pro éinnosti vykonavané sitf diakoni po celé
Ceské republice. Diakonii vnimam jako specifickou
orgaruzacl s dlouholetou tradici, jez byla v Ceské republice
prerusena obdobim komunismu. se za vériciho
¢lovéka, BUSAK mam tctu ke ki'estanskym hodnotdm a
vézim si éinnosti, jez diakonie vykonavajf. Cinnosti,
kterymi se EEBYMEN diakonie jsou mi velmi blizké. Vami
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Communication Pattern Analysis

Author's traits

Vocabulary analysis

EXPFESSIOH Of OCCE:ISIOn Nabizim prezidentskj tfad jako neutralni pole

expreSSIOn Of SO|UtIOr‘I Jediné realné FeSeni je skuteiné zménit politickj systém
I’e|atIVIZIng WOI’dS slySeli asi vSichni, ktefi se alespoi trochu zajimaji

OpInIOnS/IdeaS abych vyjad¥il uznani vSem

=
=
=
=
m limits/constraints pokua uasia vice sestrikes, sax
B phrases oxemura nenecha mit sucksu

= word repetition %e Prave tito 1idé jsou soli zemé a Ze Pravd tite 1idé jsou
m key words, unknown words

=

modal verbs, conditionals
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Communication Pattern Analysis

Communication Pattern Analysis

m Analysis of personality traits using author’s verbal style
= Optimize communication strategies

m Behaviour prediction

Applications
negative feelings —
ﬁ expert :
essay L a symbol of power and . g
[ l:l: opinion largest flying land bird to F m NS g

_ i travel up to 250 km threats G =
automatic analysis Condors are so large that w.Conb=Rr. . e
frustration =
Job interviewing Brand naming Safe workplace
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Authorship Recognition

Problem Definition

Authorship Verification

, decide if a document was written by the
Bl - y
j D signed author

Authorshlp Attribution

m find out an author of a document

E E) m candidate authors can be known

Authorshlp Clustering

m cluster documents or text paragraphs

‘ = according to the authors
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Authorship Recognition

Author Writeprint/Stylom

Collection of author’s documents

Morph. tags

Author analysis:

Range: typical
feature values for
that author

Consistency
(deviation): which

i, features are most
\\ w | ! /

2 ua = === ,,,‘. zee
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Authorship Recognition

Wordclass bigrams 0.0003 |
Wordclasses 004 W

Word repetition  0.1105 [l
Syntactic analysis  0.1358 [l

Stopword 0.353¢ [
Pnctuation 03529 —:

Chars per sentence 0.7667 \

|
|
Morph. tags 0.0735 [l |
|
|
|

Example: comparison between two different authors (similarity: 4 %)
Other stylometric features: dialect,
typography, errors, gender and age,
vocabulary richness,
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Authorship Recognition

Machine learning approach

Extract document features for
each stylometric characteristic

vocabulary richness
word-length similarity
sentence-length sim.

ﬂ stopword similarity
a word repetition

Compare extracted features
from documents to obtain
similarities

Machine learning determines
a probability of the same authorship
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Authorship Recognition

Accuracy

Verification:

books

g essays m books, essays: 95 % —100 %
— newspapers m blogs, newspapers: 70 % —90 %

N blogs m e-mails, sms: 60%—70%

letters Attribution (depends on the number of
- e-mails candidates, comparison on blogs):
m up to 10 candidates: 65 % —85 %

= sms

m up to 100 candidates: 40%—-70%
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Authorship Recognition

Conclusions

Keyword Extraction

A Brief representation of the content of a document.

Communication Pattern Analysis

An analysis of personality traits.

Authorship Recognition

An uncovering authorship of anonymous texts.
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